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English translation:

This study establishes a maqasid-based and methodological
framework for deploying Al in the service of the Prophetic Sunnah. It
defines Al and its NLP and computational branches, affirming Al as a
tool of “tasking,” not a replacement for human hadith criticism. The
legal foundation is the objective of preserving religion and the maxim
‘what is necessary to fulfill a duty becomes obligatory,” while blocking
digital forgery. Deployment is governed by three constraints: righteous
intent, strict adherence to hadith methodology in authentication and
narrator criticism, and ethics with algorithmic transparency.
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Applications include isnad network analysis via graph models,
extraction of transmission cues and connectivity using NLP, detection
of hidden defects and textual anomalies with deep learning and
embeddings, and “intelligent” databases (e.g., HadithGraph, Sunnah
Al) for ordering, matching, and cross-edition comparison, all under
continuous scholarly oversight.

Challenges center on data reliability, algorithmic bias,
explainability, and Al governance aligned with maqasid to prevent
fabricated outputs.

Findings: Al is an assistant, not an independent critic.

Recommendations: specialized “Al for Hadith” centers, a unified
verified global hadith database, Arabic open-source algorithms for
isnad and matn, Al coursework in Sharia colleges, and a digital ethics
charter for religious texts.

dadial)
358 il jaie Sl e 85 e e lilaa¥l oS3 Gl & Sla \g}uﬁu\gw@
C_ILA.\S‘ Ch.u.m\j c.iaLuY\ d.\l;_u bzl L_ﬁ_\j:u.d\ Mbu ‘_“Jr_ oJJsS\ as CL\\ A\ Al JAJ\ 4..\.@5‘)3\

(1) 5l oIS Slas (31 Lo

LSJJ)AMUA?.AA\‘;\A‘JL@SY‘JM‘JM\SDJMMYM‘;\MMUM‘Jﬂ}
JMA\UAMLJ cM\gﬂ‘M\uAmyj cwﬂ\e#\uﬁmmb‘ﬁ\u&\gu&_\u

A SH O a DY) 8 Dy )

el 480 5 sl sgiall Allal G pant Apale A3y 5 238 435S (e i) 138 At ais

sl aill Al e dailay s Lpaaladl Al ‘;_c\ﬁ = b hali jlal 8 uaall )

&_IU\})S\MJQAJM\}M\J.\X;.\‘;Q KMJJ\PU\}Q\)JQM‘LJAC_\MS‘M}
@) @

Lo ol b s @scué“"y‘ SO ks o5 (S S J gl s oed I dad) Adia W
& s FALaY) Lokl dimgias Cunall ale sol g o Bliall e i gl Al Fas] AT
Zujﬁi e ,all AN o dlaa il Jlsadl 138 e

(Russell & Norvig, Artificial Intelligence: A Modern Approach, Pearson (')
Education, 2021, p. 5).
(Goodfellow et al., Deep Learning, MIT Press, 2016, p. 12). (?)

245



PAaud) bada 8 clihiaW¥l QA pdd jaan A e pdl jlaYi L 1
feuala ¥ Jidas 8 4l s2gd dgleall Clipdall sl e 2
Glbaaill 5l e .3
Slaall 138 3 Lealadiind 4l 5 3l dmgiall g 283N 4
Al e b elha¥) o SA i oagially oo pdll Jualil) Gl ) Gand) Caag,

AR5 dpale julaa ) i) 5 Afianll (a geaill Jalas 8 5 pealaall allank sl il
i) g all Jads 8 Ay ) aialie (380 5 Lay lipdail) o34 Layal

Akl g Ao il Aul Al G aany laals Lt dia s meie sed Giadl mgia L
£\SAlI Al il Hall caila ) Gaall s gle ALY jaliadl) il g ae cdipaad) D)
iy pandl Jilasll aladinly ool Bés diale 3a3 Qe 4agil 1 zoang elihuaYl
©) de 5yl

Sl ol (o gang 13n G me g3 gad Gl ) (an 43S 8 dalal) Gl Apad] i
e Say Le o sl alal bl iy Lae il a8l sl malio g doadiil) sl
(4) Y1 Jalail) ) a8 aa Siaall (la l (salue Calh gy (o3 ¢SO Eaalino

(Osiall 5 il Jida 83 jealeall 4l culipdaill 4 )3 o diand) 3 gaa ¢ juai) N6
asle b aaall Al Glal) e 3 i) s g seall o dgaall Cul gl ) 5kl (50
Ul gl 5 celidaaY) (KAl

oasalll Jiad 8 4l el ahdiul lpiasy Jol a6 ARbad) el Al L
(O) (4, puil) indl aradd ¢ 9 dale duadlY)

O e ¢ ©) Cunall pe daladll & cond) i aad) e o A il o @ X Ly
ol 13 4ty Al o i) saaliall Jualill (e DA LaglS
oy Caalae B2 ) Gand) 138 Adad 2 cafle

L ded b elhall oS Cada gl agially oo il Jualills Jg¥) Giaall
A sl

).2870= 1z 21997 «is s daalall il Hla ¢J guall) ale o iaiual ¢ a1 (3)

(Jordan & Mitchell, Machine Learning: Trends, Perspectives, and Prospects, (%)
Science, vol. 349, 2015, p. 255).
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